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Analysis on the Research Progress of Chinese Character Recognition Technology

LI Yangjuan

(Engineering Training Center,Putian University,Putian Fujian 351100, China)

Abstract: In order to keep a comprehensive and systematic understanding of the progress of Chinese character recognition, the literature data

of Chinese character recognition in Web of Science database are selected and knowledge mapping analysis is made by CiteSpace visualization soft-

ware. The research results show that Chinese universities and research institutes are the core force of Chinese character recognition. The devel-

opment of Chinese character recognition technology has evolved from the early traditional OCR technology to the online handwritten Chinese

character recognition in the middle period, and then to the deep learning in recent research of Chinese character recognition. The research fron-

tiers topics are handwritten Chinese character recognition, hybrid language model, generative adversarial networks and scene text recognition.

Chinese character recognition technology will develop towards high efficiency and intelligence.

Keywords: Chinese character recognition; OCR;deep learning; handwritten Chinese character
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