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Kalman filter for electricity load forecasting and analysis[ J].

Research on the Medium and Long-term Power Demand Forecasting Based on

Particle S warm Optimization Extreme Learning Machine

WANG Ting, LIU Ting-ting

(School of Economics and Management, North China Electric Power University, Baoding Hebei 071000, China)

Abstract: Scientific and accurate prediction of medium and long-term power demand is conducive to scientific planning of the power industry and
coordinated development of the economy and society. By taking into account the 24 factors in six categories, such as macroeconomics and industrial
structure, which affect the electricity consumption, the economic characteristics are fully reflected, and the multicollinearity among the factors is
effectively eliminated by factor analysis. A relatively simple limit learning machine is set up based on parameters, and an improved particle swarm
optimization model of limit learning machine is proposed. Through empirical analysis, the model is used to predict the historical load sequence to
verify the effectiveness of the model.

Key words: electricity demand forecasting; factor analysis;extreme learning machine;error test
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