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Analytic Hierarchy of the Influence on the Administrative Affairs of Researchers

XU He-nan"?, LIU Hong”, WANG Wei-liang'

(1. Humanities Institute, University of the Chinese Academy of Sciences,Beijing 100049, China;
2. Center for Space Science and Applied Research,Chinese Academy of Sciences,Beijing 100190, China)

Abstract: According to the researchers also need to undertake projects, funding and academic management as administrative affairs in addition to
scientific research,based on the investigation of some research institutes in Chinese Academy of Sciences, summarize and clarify the representative
point of view through interviews, and investigate pressure from engineering task, papers, administrative affairs and graduate training on research-
ers through the questionnaire, and analyze the results by ANOVA(Analysis of Variance) and summarizes the characteristics of the administrative
affairs of researchers according to the positional titles. And put forward optimization suggestions from the aspects of the management system,
work flow, mentality and psychology in order to alleviate the researchers working pressure and give a correct understanding of the role of adminis-
trative affairs.

Key words: research institutions;administration;scientific researcher;administrative affairs
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An Prediction of Population Mortality Based on BP Neural
Network Model and Grey Prediction Theory

KUANG Kai-jin'?, LIU Jin-fu"*?, XU Dao-wei**, QI Li-xia>*, LIAN Ying'*, LIN Yu'

(1. Computer and Information College; 2. Cross-Strait Nature Reserve Centre;

3. Forestry College, Fujian Agriculture and Forestry University, Fuzhou 350002, China)

Abstract: According to data collected from Fujian statistical yearbook in 2013, using GM (1, 1) model and a three-layer BP neural network struc-
ture model build by MATLARB to predict population mortality of Fujian province respectively. Result shows that BP neural network has an better
fitting result in population mortality predicting than GM (1, 1) model, which minimum relative error is 1. 05% , maximum relative error is
3.75%, and average relative error is 2. 54 % . this fitting result shows that model is reliable. BP neural network.which contains an nonlinear struc-
ture system, has higher prediction accuracy and stronger feasibility characteristics,so BP neural network could be used to forecast future population
scale, and providing reference of economic and social development strategy planning and adjusting structure of population , making reasonable pop-
ulation decisions for Fujian province.

Key words: neural network;Fujian province; population mortality; GM(1,1)model
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